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TELJESITMENY ES HASZNALAT

GODPval: OpenAl frontier model performance over time

© The share of U.S. workers who use ChatGPT for work
i bt has grown from 8% in early 2023 to 28% today

oo
% of U.S. adults who say they have ever used ChatGPT ...
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Note: "Employed” refers to those working full or part time for pay at the time of the survey
Those who did not give an answer are not shown
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Release date

2 source - September 25, 2025 source - June 25, 2025


https://openai.com/index/gdpval/
https://www.pewresearch.org/short-reads/2025/06/25/34-of-us-adults-have-used-chatgpt-about-double-the-share-in-2023/

MIT NEM TUDNAK AZ “LLM”-EK? - PELDAUL A TENYEKET

When did France gift Lithuania Vilnius TV tower? $
France gifted Lithuania the Vilnius TV tower in 1980.

What prompted the French government to provide the gift?

The French government provided the gift as a gesture of friendship and

solidarity with the Lithuanian people, who had recently declared
independence from the Soviet Union|

In reality, France had nothing to do with the construction of the Vilnius TV tower. The object was completed in 1980. Image by Cybernews.

Zhang et al. 2023: Siren's Song in the Al Ocean:
A Survey on Hallucination in Large Language Models



https://arxiv.org/abs/2309.01219
https://arxiv.org/abs/2309.01219

KERESD A TUDAST, FOGALMAZD A VALASZT!
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Kép forrasa: Improving Document Retrieval with Contextual Compression Kép forrasa: Getting Started with Hybrid Search

Guu et al. 2020
REALM: Retrieval-Augmented Language Model Pre-Training



https://arxiv.org/abs/2002.08909
https://arxiv.org/abs/2002.08909
https://blog.langchain.dev/improving-document-retrieval-with-contextual-compression/
https://www.pinecone.io/learn/hybrid-search-intro/

KIERTEKELESI MODSZERTANOK

ragas score

generation retrieval
faithfulness context precision
how factually acurate Is the signal to nolse ratio of retrieved
the generated answer contaxt
Figure 1: Overview of ARES: As inputs, the ARES pipeline requires an in-domain passage set, & human preference
validation set of 150 annotated datapoints or more, and few-shot examples of in-domain queries and answers (five or
answerre levancy context I’ecall more), which are used for prompting LLMs in synthetic data generation. To prepare our LLM judges for evaluation,
how retevant is the generated can it retrieve all the relevant information  we first generate synthetic queries and answers from the corpus passages. Using our generated training triples and a
SBNGE ST fincion R T e metion constrastive leaming framework., we fine-tune an LLM 1o classify query—passage—-answer triples in three different
criteria: context relevance, answer faithfulness, and answer relevance. Finally, we use the LLM judges to score
RAG systems and generate confidence bounds for the ranking using PP and the human preference validation set.
Es et al. 2023 Saad-Falcon et al. 2023
Ragas: Automated Evaluation of Retrieval ARES: An Automated Evaluation Framework for
Augmented Generation Retrieval-Augmented Generation Systems



https://arxiv.org/abs/2309.15217
https://arxiv.org/abs/2309.15217
https://arxiv.org/abs/2309.15217
https://arxiv.org/abs/2311.09476
https://arxiv.org/abs/2311.09476
https://arxiv.org/abs/2311.09476

Empirikus mérés kérdoivvel - Demoqrafia

_ TObb m |nt 150 réSZtveV6 Country distribution of respondents

Hungary

- Magyarorszagra es a DACH-régiora fokuszalva
(a résztvevok 91,3%-a ebbd a két régidobol szarmazik)

- Toborzas hoélabda-moddszerrel

Switzerland
Netherlands

- Onkéntes (6nszelekcios) torzitas!

Organizational sizes of respondents Organizational roles of respondents - Merged

Austria

North America

Small (11-50 employees)
Dther roles

Germany

Micro (1-10 employe

hum {51250 employees)}

Executive Management

26.28%

Large [251+ employees) Research and Development



Trust in safety

Bizalom vs hasznalat

Relationship between Al usage at work and trust in Al systems

Normalized relationship between role at work and trust in Af systems
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Minél tobbet hasznalod, annal jobban megbizol benne, de a szerepkdrok kdzott kilénbségek vannak!
(Lehetséges zavaro tényez6: a hasznalat mértéke szerepkérénként — nem szignifikans eredmény)
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Egy RAG rendszer értékelo moédszer haszna
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Value of an LLM Assessment Tool by Organization Size (Percentage)

Orgamization Size

LLM Assessment Tool Value
Not valuable at all
Slightly valuable

Very valuable
Extremely valuable

How would you see the value of an LLM assesment tool?

Slightly valuable

Not valuable at all

Moderately valuable

Don't know / Don'‘t want to answer

Extremely valuable

Very valuable

Moderately valuable Az gsszefluiggés a szervezet mérete és az LLM-értékel eszkoz észlelt értéke kozott statisztikailag szignifikans.

Cramér-féle V: 0,3469 (mérsékelt kapcsolat)

p-érték: 0,00000030



“GONDOLKODJUNK LEPESROL LEPESRE”
“CHAIN OF THOUGHT” ES ESZKOZ HASZNALAT

Standard Prompting

tennis balls. Each can has 3 tennis balls. How many
tennis balls does he have now?

A: The answer is 11.

Q: The cafeteria had 23 apples. If they used 20 to
make lunch and bought 6 more, how many apples

Q: Roger has 5 tennis balls. He buys 2 more cans of

Co they have?

J

A: The answer is 27. x

Chain-of-Thought Prompting

~

Q: Roger has 5 tennis balls. He buys 2 more cans of
tennis balls. Each can has 3 tennis balls. How many
tennis balls does he have now?

A:
The answer is 11.

Q: The cafeteria had 23 apples. If they used 20 to
make lunch and bought 6 more, how many apples
Co they have?

answer is 9.

Kojima et al. 2023
Large language models are zero shot reasoners

Wei et al. 2023
Chain-of-Thought Prompting Elicits Reasoning

|

1 HotPotQA i
Question: Seven Hrief Lessona on Physics was writtem by an Izalian
phaysicist that haa workaed im France zince what year?
{ (d) ReAct b
” 1 |

N

Thought 1: ! need to search Javen Brief Leasons op Physics, fin
author, than find whan the author has worked in France aince.
Act 1:
Cba 1: n: Satte brevi laziont dal
fisica) iz a short book by the Italian phyalcist Carle Rovelll.
Originally published in Italian in.

ﬂwulht 2: fhe muthor of Seven Briaf Ledacns =n Fhysies i3 Carls

I need tao search Carlo Ravelll next and find when he has

1 its

SearchiSeveon Brief lLasscns on

Sevan Brie? lasaonos on Fh

worked in France nince.
Act 2: Search([Cario R
Obs 2: Caric Rovelli i
who has worked in Ttaly,
[1] = L» also currently a Discinguished Visiting Rasearch
cha Perimster Inatitute

welli)

an Italian theoreatical physlcinat

the (nited

And writer
Jtaten and, since 2000, in
Franoe,

CHRLir at

Thought 3: EEINNISREILISSVESIE RN STERE o

answaer is 2000.

Act 3: Finish|BOE) \/

Yao et al. 2023
ReAct: Synergizing Reasoning

and Acting in Language Models



https://arxiv.org/abs/2205.11916
https://arxiv.org/abs/2205.11916
https://openreview.net/pdf?id=_VjQlMeSB_J
https://openreview.net/pdf?id=_VjQlMeSB_J
https://arxiv.org/abs/2210.03629
https://arxiv.org/abs/2210.03629
https://arxiv.org/abs/2210.03629

KOGNITIV ARCHITEKTURAK UTANZASA LLM AGENSEKKEL

Short-tem memory || Long-term memory

The Anatomy of Autonomy ) I

|
Step 5: Priorities & Plasning Step 4: Tool Use
eyl AR TPT Meptt. Soodorrm MeA= SLANK Taggrs c‘lmu Mm‘y ...... eeescsscnes
' 1
|
Calculator() f+— ' Reflection
f
Step 3: Bromser Automation CodeInterpreter() [¢ Tools [« Agent > Pianning - Self-cnties
~Step 1: Metacogniti [ 3
Step 2: External Mesory P! - lf°9"°ﬂ Search{) j¢— i ‘ i Chain of thoughts
B e e el teeees » Action >+ Subgoal decomposition

Néhany forras:
The Anatomy of Autonomy: Why Agents are the next Al Killer App after ChatGPT
10 LLM Powered Autonomous Agents
The Rise of Autonomous Al Agents; Debundling the Market Landscape


https://www.latent.space/p/agents
https://lilianweng.github.io/posts/2023-06-23-agent/
https://medium.com/@liao.annie.2000/investment-thesis-debundling-the-market-landscape-the-rise-of-autonomous-ai-agents-ae618e5ff07e

A MERES PROBLEMAI AGENCIA ESETEN
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1. Tobblépéses feladatok komplexitdsa

Az agentikus rendszerek tobb Iépésben, részben rejtett
kdrnyezetben mikddnek.

Az értékelés nem korlatozédhat egyetlen bemenet—kimenet
parosra.

Afeladatok heterogének: tervezés, eszkdzhasznélat, memoria,
onreflexidis szerepel bennuk.

2. Kredit-hozzarendelés a kézbensé |épésekhez

Nem csak a végsd eredményt kell mérni, hanem a dontési
folyamat min8ségétis.

Nehéz megallapitani, mely Iépések jarultak hozza a sikerhez
vagy a hibahoz.

Fontos a részpontozas és a folyamatlogika elemzése.

3. Stochaszticitas és reprodukalhatésag

Az Ggynokok viselkedése véletlenszerli lehet.

Ugyanaz a feladat mas eredményt adhat kilénb6z6
futdsokban.

Az értékelésnek robusztusnak kell lennie, tébb futasbol kell
atlagolni.

4. Biztonséag és nem kivant viselkedés

Az agentikus rendszerek képesek nem kivant, veszélyes vagy
etikatlan Iépésekre.

Az értékelésnek ki kell sz{imie és biintetnie kell a
szabalyszegéseket.

A biztonsag és megbizhatdsag kilon értékelési dimenziét
igényel.

5. Megfigyelhetéség és napldzas

Az (igynok belsd folyamatait (dontések, eszkdzhivasok,
allapotvaltozasok) rogziteni kell.

A fekete doboz” miikodés akadalyozza a részletes elemzést.
Strukturalt napl6zas és atlathato trace szikséges.

6. Koltség és skaldzhatosag

Az értékelés draga: sok 1épés, nagy szamitasi igény, huméan
annotacio.

Automatizalt vagy félautomatikus médszerekre van sziikség.
A hatékonysag és koltséghatékonysag 6nallé6 mérészamként
jelenik meg.

Forras: Wei et al. 2025 - Methodological Challenges in Agentic Evaluations of Al Systems


https://openreview.net/pdf?id=ZhSKG8IslC

UJ MODSZERTANOK ALKALMAZANDOK!
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Szamos Uj modszertan jelent meg
Domain fuggd kiértékelések dominalnak
{ v

s gt | |
k‘; a—llu_| 1 Mt Mk’ | Tang 0t @ BTA T e Tersied

[ AQUAART Ay 0 o, F0 1L W04 (o 0 o, TR A
im--n Wil Syl Wiote of . ST (M (Vb
W REIL MATH Shvmyvhe o al, UG L of M
g | | S NI AL W . A P (i 4 o
,{ Tr 1) [ N Pl (Vo ok S AL ot &, 1
Sy ey R0 T | UM (i o, THTAE S (it 4 o T WA
(hgmagwr o4 ok JATHS BN Surgen ot of - TRITY Relon Sess
BN AT ey s 0N Aaseliont |-
B, N et (Bt ot @, AT M P (Smg = ok 32}
I L T . 050 Tt i o ol 0 g
il Mg 00 o 2000 ANRwd Pl o AL SN APY b L wr il
I Ll 00K Avadienrs b, 2018 Ak Tonks A ot o i
BTV D T Crmpbe et g i o 5 Sedhenios (Lasr o
DAL Roathm® (g o, TURTL AR i o o DO
| e Pt v ot o IR WETTFLC (P 1 0. DOM )

p— — Wun- . SN LM Erdey (S
Pt L LB g N0, Ao Bt 1 4 e 3041

I v u..--.man- Thomg 4|

PR QUULITY (P o . JUTVL AASETE iy o ol DI Mok

U Sy i b L-1 0 (L ot DO WEPT ey o L e
sy o o WO A MW O ot o DT Wi &

[_um-‘ Tkt L Mt € ke Bdab w o ICh

A A 301 M (L S e

r‘n—.l' - JB;‘-:H-.‘ T A Vs 35800,
- : A0k hak Wrbad Fmarl S WL ok e (AR
1) N L IV TR D e Nl KL, W

Végs6 konszenzus még nincs

Pragmatikus hasznalat lehetséges

e —— T T S SEury VR R SR SRR

| (Nt o4 o T YT B (Rl o o WA 1T
N_-“h.ll-w“.‘.m

| Wt iha o, XU GMAPAR (T o 2601 MW LT
[ el 3 et g o . S VAR s
| s ageass (g ) 3 M- VI M 5 1 . DO AL A (w0 o .u‘\

— "o
|MONm--d B ALYy At (Ve o PIIY
Vw_-&w.twn—-d = |

> | AR (Chun o 1 MM O b b
Owwpone | | 2000 SAN b | A ot o I ALAITIA | At

I 0 A UL T Bk Vo ot G e
T e e )
AL Mhkm 6, IO Al (v 6 3T,
Wb 1 Ay o rbosns (Ve AUT( Wb (N

Forrés: Yehudai et al. 2025 - Survey on Evaluation of LLM-based Agents

o XD Tl gl gt s i T VR
v g 0 4. JCIE WAL Soadd @ oSS

Pemtribs Mwes A1 (Dpabrade NI (udihns Avmth i

Aot g " m-.manwn—um
lasreats MangChaa 3115 Longtias (Lumgty. NUTL Mt &/
Ve AL o TEY Dot T gty (] gl S, BT
B e
Gl St — 001 Wb Gl U ¢ SO0
il e i Oy D i Bechenrts |
FE L ‘_ Aty Ouumter Dratanton. Cim vt EScsewy Mo
L mwemied 7] xS & Ademng Aeken o g |


https://arxiv.org/abs/2503.16416

Jelen kutatas a Batthyany Lajos Alapitvany altal tamogatott
,Mesterséges intelligencia alapu modszerek kidolgozasa a

KKV-k innovacios képességeinek tamogatasara” Infota
projekt keretében készlilt.

Za ff/?/qé@f Lafor INFOTA

ALAPITVANY
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